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Abstract: In this study, interpretive phenomenologywas adopted to explore howuniversity studentsmake sense of
AI risks when using AI in language learning contexts. Eighteen undergraduate students were interviewed individu‑
ally, with participants also completing experience journals during the two‑week interview period. Three dialectical
themes were found after analyzing all interview transcripts and journals: (1) “the panic of too much convenience.”
Students felt torn between the lure of being efficient and losing control, oscillating between saving time vs. tak‑
ing shortcuts to learn, feeling empowered vs. dependent, affirming vs. losing authorship; (2) “hallucination” and
“gatekeeper”: AI’s output had “hallucinations,” which destroyed trust; students switched roles from producer to
proofreader, experiencing physical anxiety about academic integrity; (3) “Is it still my learning?” cognitive offload‑
ing caused metacognitive doubt whether deep learning still took place once there were no longer any desirable
difficulties. Our results suggest that risk does not belong to AI itself but rather is a meaningful world created by
users under certain conditions. Instead of simply accepting/rejecting AI, students have developed context‑based
self‑regulation strategies against AI risks. Our study tries to go beyond the limits of stage models for technology
adoption and offers a phenomenological account of what it feels like to be a learner living in technologically me‑
diated times. We argue here for turning the conflict into teaching moments so as to nurture critically minded AI
literacies.
Keywords: Educational Phenomenology; Large LanguageModel; Sense of Risk; Feeling of Life; Language Learning;
Sense of Self‑Efficacy; Metacognitive Anxiety; Qualitative Metasynthesis

1. Introduction
Large language models are reshaping the learning ecology of higher education at unprecedented speed. This

transformation is particularly evident in language learning domains. Generative AI tools such as ChatGPT have
shifted from peripheral auxiliary resources to ubiquitous “invisible participants” in daily writing practices. Con‑
temporary university students stand at the forefront of this technological revolution. They are both beneficiaries
of AI‑enabled education and themost direct bearers of technological risks [1]. They also serve as primarymeaning‑
makers in this context. AI intervention occurs in the private spaces of academic writing. Consider the late‑night
thesis revisions, the repeated deliberations over English expressions, the final hesitations before clicking the sub‑
mit button. These moments reveal something crucial. AI changes not only the methods of text production but also
touches the fundamental anxieties of learners about capability, identity, and academic integrity. However, exist‑
ing research mostly focuses on AI’s technical efficacy or students’ attitude assessments regarding “usefulness” and
“ease of use.” Few studies delve into the lived world of learners. Researchers rarely listen to the genuine confusion,
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struggles, andmeaning negotiations students experience when using AI [2]. This neglect of the experiential dimen‑
sion leaves ourunderstanding superficial. We still lackdeep insights into corequestions: “Howdo students perceive
risks?” and “Howdo risk experiences shape learning practices?” Traditional technology acceptancemodels simplify
learners’ decision‑making processes into rational calculations. Students supposedly weigh benefits against costs,
then choose adoption or rejection. But this variable‑centered thinking obscures the complexity of risk as a “lived
experience.” Risk is notmerely an objective probability of threat. Rather, learners construct it as ameaningfulworld
through bodily perceptions, emotional fluctuations, and reflective thinking within specific contexts [3–5]. Consider
an English learner using AI to generate academic argumentation. She may simultaneously experience the pleasure
of time savings, doubts about machine accuracy, a sense of loss as authorship becomes diluted, and fear of being
scrutinized by academic norms. These interwoven emotional and cognitive states constitute a dynamic meaning
field full of tension. They cannot be reduced to several scores on a scale. Educational phenomenology offers an
alternative perspective. It calls researchers to “return to things themselves.” We must understand how technology
is experienced, interpreted, and integrated into daily learning practices within learners’ lived worlds [6–8].

2. Literature Review
2.1. Functional Paradigm in AI and Language Learning Research: Efficacy, Gains, and Acceptance

Models
Existing scholarship demonstrates that generative AI fundamentally reshapes the technological ecosystem of

language pedagogy. From a functional empowerment perspective, AI chatbots deliver individualized vocabulary
scaffolding, attenuate foreign language anxiety, sustain interactive engagement, and enhance cross‑cultural compe‑
tence through gamified interfaces. Systematic reviews of Intelligent Tutoring Systems (ITS) confirm their pedagog‑
ical effectiveness in instructional design and learning facilitation, their capacity to nurture learner autonomy and
competency development, and their contribution to learner well‑being within Self‑Determination Theory’s social‑
emotional learning framework [9]. However, these investigations predominantly foreground technological efficacy
and predictivemodeling of learning strategies, whilemarginalizing learners’ phenomenological dimensions—their
subjective interpretations, meaning‑making processes, and existential struggles embedded in AI‑mediated prac‑
tices [10].

2.2. Critical Gaps: Competency Metrics versus Lived Literacy Experiences
Current scholarship exhibits three salient limitations. First, while researchers examine university students’

AI literacy status and developmental pathways, these inquiries remain confined to competency‑based frameworks,
neglecting how students existentially inhabit and embody these emerging capabilities in everyday academic prac‑
tices [11]. Second, although correlations between foreign language speaking anxiety and AI deployment have been
documented [6], granular investigations into affective textures and emotional phenomenology across varied risk
dimensions—academic jeopardy, cognitive dependency, identity destabilization, and ethical conflicts—remain con‑
spicuously absent [12]. Third, prevailing research constructs learners as rational utility‑maximizing agents exer‑
cising binary adoption choices, thereby obscuring the ongoing dialectical tensions between AI‑enabled assistance
and autonomous learning, between expedient solutions and transformative intellectual growth [13].

2.3. The “Learner‑Absent” Problem: Toward Phenomenological Reorientation
This “learner‑absent” tendency illuminates what AI accomplishes for language learners while obscuring what

it phenomenologically means to exist as an AI‑augmented learner. Phenomenology’s imperative to “return to the
things themselves” addresses this epistemic void [14]. Phenomenological philosophy posits that essential struc‑
tures of phenomena resist disclosure through abstract reasoning or deductive logic alone; instead, researchersmust
suspend presuppositions, immerse themselves in first‑person experiential accounts, and intuit invariant character‑
istics through eidetic reduction [15]. From this vantage point, AI transcends the status of neutral instrumental
object awaiting utilization; it constitutes an existential presence reconfiguring learners’ lifeworld. As one ChatGPT
user articulated: “It simultaneously grants me a sensation of intelligence yet evokes uncertainty—is this authenti‑
cally myself?” This utterance transcends instrumental appraisal, articulating fundamental questions of capability
ownership and authorial authenticity [16]. Consequently, researchers must bracket theoretical preconceptions,
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attend sensitively to lived experience narratives, and extract underlying structural essences through phenomeno‑
logical reduction and eidetic intuition [17].

2.4. Methodological Deficit: Experience Blindness in AI‑Enhanced Language Education Research
Despite phenomenology’s methodological promise, empirical applications to AI‑mediated language learn‑

ing contexts remain nonexistent, particularly investigations foregrounding negative experiential valences such as
risk perception. Contemporary AI‑supported language education research manifests dual problematic orienta‑
tions: “functionalism” and “experience blindness.” Abundant studies quantify learning outcome improvements,
predict sustained usage intentions, and optimize pedagogical architectures, yet systematically neglect learners’
interior phenomenological landscapes—affective fluctuations, interpretive labor, and meaning construction tra‑
jectories [18]. Even when learner emotions (anxiety, fatigue, enthusiasm) receive attention, inquiry remains
trapped within variable operationalization and correlational analysis, failing to penetrate deeper existential ques‑
tions: Why do students experience these particular affects? What ontological significance do these experiences
carry? How do such feelings dialectically shape subsequent learning behaviors [19]? Addressing these theoretical‑
methodological deficiencies, our phenomenological investigation explores university students’ lifeworld experi‑
ences in AI‑mediated language learning, specifically examining risk perception’s multidimensional structure: con‑
trol anxiety beneath convenience seduction, epistemic burden triggered by accuracy uncertainty, metacognitive
doubt (“Am I genuinely learning?”) induced by cognitive offloading, and moral tension surrounding academic in‑
tegrity transgressions [20].

3. Research Methodology
3.1. Research Paradigm and Epistemological Stance

The study takes its theoretical basis from interpretivist epistemology: reality does not exist as something ob‑
jective and independent; on the contrary, individuals build up ameaningful world through constant interaction and
introspection under certain social‑cultural backgrounds. Different from the positivistic search for “neutral values”
and “objectively measure,” we admit the location‑embedding nature and intersubjectivity of knowledge genera‑
tion [21,22]. The sense of danger toward AI held by students is not some kind of “objective truth” waiting to be
discovered, but rather the experience structure felt in the body, emotion, morality, and reflection when writing
academically in practice with AI. Therefore, phenomenologymethod has become the inevitable choice of this study
because it takes the “life world” (Lebenswelt) as its starting point, requiring us as researchers to put aside our
judgment on whether AI is good or bad and to try to go into the perspective of learners to see how they give mean‑
ing to new technologies, how they struggle with identity under conflicting feelings, and how they accept or refuse
AI in learning behavior. This study’s theoretical framework integrates three core phenomenological concepts to
elucidate the essential structure of AI risk experience. First, based onMerleau‑Ponty’s theory of “technological em‑
bodiment,” we regard AI tools as a “body schema” that extends learners’ cognitive capabilities; risk perception is
awakenedwhen technology transforms from a “transparent extension” to an “opaque obstruction.” Second, employ‑
ing Heidegger’s distinction between “ready‑to‑hand/present‑at‑hand,” we analyze students’ ontological transition
from “unconscious AI use” to “reflective examination of AI.” Third, drawing on Ricoeur’s theory of “narrative iden‑
tity,” we explore how AI intervention severs the ontological connection between “text‑self,” triggering authorship
identity anxiety. At the metacognitive level, combining Flavell’s metacognitive monitoring model, we understand
students’ questioning of “Am I still learning?” as an alertness to the loss of cognitive process visibility. In the agency
dimension, borrowing from Bandura’s self‑efficacy theory, we explicate how the “empowerment‑dependency para‑
dox” undermines learners’ sense of subjective control. This integrated framework provides multi‑layered theoreti‑
cal lenses for data analysis. As a researchermyself, I need to have the awareness that I belong to both sides—the side
as a researcher in the field of educational technology, believing in the possibilities brought by AI; and the side as a
fighter fighting against all kinds of oppression, guarding the learner’s right to education. Such positioning provides
me with both the conditions and limitations for understanding [23], so throughout the whole process of research,
I adopted a member‑checking strategy to improve the credibility of the research, asked participants to confirm
the correctness and appropriateness of the analysis results of the interview data, and conducted peer‑debriefing,
exchanging emerging topics with experts in qualitative research.
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3.2. Research Context and Participant Selection
The studywas conducted in an academic Englishwriting class at a comprehensive university inmainlandChina.

This is a course offered from the second year to the third year. According to the regulations of this class, students
could choose touseAI tools, but theyhad tomark it if theydid so on their homework. Such “conditioned” permission
gave us a good opportunity to explore college students’ realistic behaviors instead of fully banning them from using
AIs secretly or permitting them to freely use AIs without thinking about ethical issues [24]. Purposive sampling
was adopted to identify suitable interviewees. After the end of teaching, the researcher sent out invitation emails
to a total of 72 students who studied in the above two classes. Finally, we recruited 18 students, with maximum
differences in how often they used AI tools (from “only consulted once/twice” to “relied heavily”), level of English
proficiency (TOEFL iBT score from 90 to 108; IELTS band scores from 6.5 to 7.5), and discipline backgrounds (in‑
cluding science and technology, economics and management, liberal arts, and social science). All 18 participants
were Chinese students whose native language is Mandarin, learning English as a foreign language (EFL), with an
age range of 19–22 years (mean age 20.4 years, standard deviation 0.9), including 10 females (55.6%) and 8 males
(44.4%). English proficiency was stratified according to standardized test scores: 4 participants (22.2%) were at
lower‑intermediate level (CET‑4 ≤ 500 or IELTS 6.0–6.5), 8 participants (44.4%) were at intermediate level (CET‑
4/6 501–549 or IELTS 7.0 or TOEFL 90–99), and 6 participants (33.3%) were at upper‑intermediate level (CET‑6 ≥
550 or IELTS 7.5+ or TOEFL 100+). Academic backgrounds spanned four fields to capture diverse academic writing
needs: science and engineering 5 (27.8%), economics and management 4 (22.2%), humanities 5 (27.8%), and so‑
cial sciences 4 (22.2%). Formal English learning experience ranged from 10–14 years (mean 12.1 years), ensuring
all participants possessed foundational EFL competence while exhibiting different proficiency development trajec‑
tories. This diversity in demographic and linguistic characteristics provided a rich foundation of contextual varia‑
tion for phenomenological analysis. Diversity rather than statistical representation was considered when choosing
participants because we aimed to collect various experiences and views [25]. The epistemological foundation of
phenomenological research determines the necessity of maximum variation sampling. According to Husserl’s the‑
ory of eidetic intuition, the essential structure of phenomena must be revealed through “imaginative variation”—
that is, seeking common invariant structures across experiences in different contexts and subjects. Therefore, we
deliberately selected participants with significant differences in AI usage frequency, English proficiency, and aca‑
demic backgrounds, aiming to highlight the essential characteristics of risk perception by contrasting “extreme
cases”: Which experiential elements persist across all contexts? Which vary by context? For example, when both
low‑frequency and high‑frequency users report “capability erosion anxiety,” this cross‑contextual resonance points
to an essential dimension of risk experience. Maximum variation sampling is not for statistical representativeness,
but rather to perceive universality through diversity, enabling phenomenological reduction to reach the level of
“eidetic insight.” To ensure their privacy, all participants chose to use aliases during interviews. Before being inter‑
viewed, the participants were asked to sign the informed consent form and were told they could stop the interview
at any time without affecting their final grade. However, there might still be “response bias,” because teachers and
students have hierarchical relations, and it may not be easy for students to speak out frankly. In other words, par‑
ticipants might show themselves as “responsible users” but hide their true struggles [26].

3.3. Data Collection Methods
Data Collection: In‑depth phenomenological interviews were conducted, together with experience journals,

to collect data on both “in‑the‑moment” and “afterward” aspects of how students experienced using AI. The par‑
ticipants had one to two semi‑structured interviews, lasting from 60 min to 90 min. Instead of being information
extraction Q&A sessions, interviews took the form of dialogical investigations following established phenomeno‑
logical research principles [26,27]. The design of the interview protocol underwent a three‑round iterative opti‑
mization process. First, based on Van Manen’s phenomenological interview principles and Heidegger’s theoreti‑
cal framework of “Being‑in‑the‑world,” the research team initially developed an open‑ended question framework
covering four dimensions: temporality experience, bodily perception, affective tension, and meaning construction.
Second, two qualitative research experts and one applied linguistics professor were invited for expert consultation,
and based on their feedback, the phenomenological purity of the questions was adjusted—questions presupposing
causal relationships (such as “Does AI cause your ability to decline?”) were deleted, and guidance for experience
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retrospectionwas enhanced (such as “Please takeme back to that specific moment of using AI”). Third, two pilot in‑
terviews were conducted before formal interviews, which revealed participants’ difficulty understanding abstract
concepts (such as “risk perception”), so questions were concretized into life‑scenario narratives (“Could you de‑
scribe an AI usage experience that made you feel uneasy?”). Pilot data were not included in the final analysis but
provided an important basis for question optimization. This iterative process ensured that interview questions
remained faithful to phenomenological methodology while being close to participants’ lifeworld expression habits.
Researchers issued open invitations, such as “Can you tell me about one time using ChatGPT which impressed you
most?” Phenomenological questioning was also asked: “What do you feel physically in this moment? What is going
on internally for you?”. Such probes invited participants back to particularmoments and transformed fuzzy feelings
into words. Not to over‑intervene with preconceived conceptual categories, the interview guide offered only the
topic to talk about rather than fixed questions. During the interview, researchers held an attitude of “active listen‑
ing,” allowing there to be silence and hesitation. Such nonverbal cues frequently unveil further difficulties inmaking
sense. All the recordings were recorded in full and transcribed verbatim, with tones/pause/emotion included (e.g.,
laughing/sigh) so as to keep the feeling aspect of experience intact. Concurrently, the experience journal asked
students to document at least five “critical instances” of using AI within three weeks.

3.4. Data Analysis: Interpretive Thematic Analysis
Data analysis adopted the spiral cycle logic of Interpretive Phenomenological Analysis (IPA), refusing to dis‑

sect the experience narrative into fixed code categories. Firstly, the data was read again and again; the researcher
carefully read the transcript of each of the 18 interviews and the 87 experience diaries, word by word, recording
preliminary feelings, doubts, theoretical connections, etc., in the blank space next to the text, in order to seize the
“first contact” impressions of emotion tension, contradiction rhetoric, silence rupture in the experience story [28].
Secondly, in the process of “experiential coding,” the purpose is not to “label” the text, but to rebuild the meaning
world of the interviewee with interpretative language, such as “I feel I’m smarter but not really,” which is prelim‑
inarily encoded as “illusory sense of improved ability.” Then, through continuous comparative analysis, cluster
analysis, and so on, we found the resonance among cases, summing up three core topics from them: the contra‑
diction of efficient temptation and power erosion, labor transformation triggered by accurate anxiety, and recon‑
struction of self in the process of meta‑cognition reflection. The topic name has been modified many times in or‑
der to be loyal enough to the language of the interviewees, while abstracting out the phenomenological core [29].
This study adopted a “qualitative‑dominant, quantitative‑supplementary” model (QUAL‑quan) in amixed‑methods
design, with quantitative data serving to enrich phenomenological description rather than hypothesis testing. Cru‑
cially, numerical patterns function not as causal explanations but as contextual scaffolding that renders experiential
variations more visible—revealing which risk perceptions intensify across usage frequencies or proficiency levels,
thereby directing phenomenological attention toward theoretically significant lived tensions rather than statistical
relationships. Specific operations were as follows: First, in experience logs, participants were asked to self‑report
AI usage frequency (times per week) and duration per use, based on which usage intensity was categorized into
three types—low‑frequency use (≤1 time/week), medium‑frequency use (2–4 times/week), and high‑frequency
use (≥5 times/week). Second, English proficiency was objectively stratified according to official standardized test
scores: lower level (CET‑4 ≤ 500), intermediate level (CET‑4/6: 501–549), and higher level (CET‑6 ≥ 550). Third,
variables such as time‑saving perception and anxiety intensity were measured through structured log scales (5‑
point Likert scale); 18 participants submitted a total of 87 logs, yielding 435 data points. Coding example: original
text “I feel smarter, but it doesn’t feel real” → initial note “illusory sense of capability enhancement + identity doubt”
→ experiential code “empowerment‑dependency paradox” → final theme “agency erosion.” Quantitative data were
presented throughdescriptive statistics to showpatterndistribution, forming triangulationwith in‑depth interview
texts to jointly reveal structural characteristics of risk experience.

3.5. Researcher Reflexive Positioning
The qualitative research epistemology holds that “pure objectivity” does not exist but only exists as a fallacy.

The researcher’s theoretical background, values, and life experiences will always be part of the knowledge gen‑
eration process. As a novice researcher in the field of educational technology, I developed two opposing attitudes
towards using artificial intelligence in education: on one hand, I tend to be technologically optimistic (that is, believ‑
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ing it can promote the popularization of knowledge and provide individualized teaching); on the other hand, under
the influence of critical pedagogy, I still have certain reservations regarding technology’s usurpation of learners’
power. Such “cognitive conflicts” also generated some internal contradictions when conducting the interview: if
students reported feeling anxious about being replaced by AI, my empathetic response may trigger further explo‑
ration; if they felt empowered by AI, then maybe inadvertently show some doubt. In addition, as someone who
uses artificial intelligence software every day for searching literature and proofreading papers, such “insider” feel‑
ings bring about a sense of identification with them; meanwhile, cause excessive projection—mistaking my inner
struggle for their real emotions. Therefore, I continuously wrote reflective diaries throughout the entire research
process: recorded feelings after each round of interviews, revised previous assumptions, and was confused about
theory [30,31].

3.6. Ethical Declaration
This study strictly adheres to the following ethical principles: The study was conducted in accordance with

the Declaration of Helsinki, and approved by the Institutional Review Board (or Ethics Committee) of the Faculty
of Education, The National University of Malaysia (protocol code UKM PPI/111/8/JEP‑2024‑927 and date of ap‑
proval 15 November 2024). All research procedures involving human participants were reviewed and approved
prior to data collection, ensuring compliance with international ethical standards for educational research. The ap‑
proval covered all aspects of participant recruitment, informed consent procedures, data collectionmethods (semi‑
structured interviews and experience journals), data storage and confidentiality measures, and participant rights
protection mechanisms. Regarding informed consent, all 18 participants signed written informed consent forms,
clearly stating the research purpose, data usagemethods, the right to voluntary participation, and the right to with‑
draw at any time, with particular emphasis that participation or withdrawal would not affect their course grades.
Regarding anonymization and confidentiality, all interview records and questionnaire data have been completely
anonymized; names mentioned in the text (such as “Xiao Li” and “Xiao Wang”), institutional names, and specific
locations all use pseudonyms or codes; original data (including recordings and interview transcripts) will be de‑
stroyed within 3 years after publication to ensure long‑term confidentiality. Regarding the minimal risk principle,
the study’s intervention with participants was limited to completing a 60–90‑minute interview and three weeks
of experience log recording, involving no physiological or psychological risks. Regarding data destruction commit‑
ment, we promise that data will be properly handled after completing the research, with electronic files encrypted
for storage and permanently deleted after the specified period. All research procedures prioritize the protection of
participants’ rights and interests, ensuring dual compliance with academic integrity and ethical standards.

4. Results Analysis
4.1. “The Panic of Excessive Convenience”: Efficiency Temptation and Agency Erosion
4.1.1. AcceleratedWriting: Time Savings versus Learning Shortcuts

Students all described a “time compression” paradox—the tool could shorten a several‑hour writing task to
ten minutes, but meanwhile brought new worries: what exactly are these skipped “struggle moments”? Xiao Li
(pseudonym), the student quoted above, frankly said in the interview: “ChatGPT provides me with a complete rea‑
soning result within three seconds. It may take me half an hour to write down this argument. At first I feel like I
have won, but later I find out that the thinking, trial and error, and self‑dialogue that should have taken place in
these thirty minutes have all been erased.” This feeling exposes a profound contradiction between efficiency and
learning—when technology removes “desirable difficulty,” the learning process itself is “instrumentalized” and be‑
comes an obstacle to be skipped [32]. Table 1 shows the correspondence between time saved and learning losses
reported by eighteen participants. Interestingly, high‑frequency users (5+ times perweek) saved an average of 74%
of writing time [33]. Figure 1 shows a U‑shaped relationship between users’ frequency of using AI tools and their
feelings towards time saved vs. learning loss. Anxiety decreases before increasing again as frequency increases.
Moderate users seem to have found some kind of “balance point,” while those who rely heavily on them fall into the
“efficiency trap” and become very anxious.
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Table 1. Participants’ frequency of using AIs, time saved, and perception of learning loss.

Usage Frequency Group Number of
Participants

Average Time
Savings Ratio

Percentage Reporting “Skipping
Thinking” Concerns

Percentage Reporting “Capability
Degradation” Anxiety

Low (≤1 time/week) 4 45% 25% 0%
Moderate (2–4 times/week) 8 62% 50% 38%

High (≥5 times/week) 6 74% 83% 67%

Figure 1. Relationship between AI Usage Frequency, Time Savings Perception, and Learning Anxiety.

4.1.2. The Capability‑Dependency Paradox: Empowerment or Deskilling?

Participant narrative revealed a core paradox: AI was felt to be both enhancing and eroding capability at the
same time. In his experience journal, XiaoWang wrote, “Like wearing glasses, once you put them on, you can’t take
them off again.” “Now I need to ask ChatGPT before writing English compositions, or I feel I won’t write well.” The
psychological crutches metaphor appeared repeatedly in interview data. Pointing to the subtle shift of power re‑
lations: From the perspective of students, AI is a complement to make up for language deficiencies. However, as
the number of uses increases, the tool changes from “optional” to “indispensable”. From “complement” to “replace‑
ment” [34]. Xiao Zhang’s language was more direct: “I’m beginning to fear that if there’s no AI, can I still write a
good sentence? Am I really learning or just faking it as someone who knows how to write?” Such concerns do not
relate only to the realistic risk of skill decline, but also touch upon the fundamental questioning of oneself. When
my” capacities are outsourced to technology, does this mean the integrity of me as a learner has been damaged?
According to Table 2, the feelings of being empowered by AI were stronger among lower‑level English learners
(with CET4 scores ≤ 500).

Table 2. Differential Experiences of AI Dependency Among Students with Varying English Proficiency Levels.

English Proficiency Group Number of
Participants

Percentage
Reporting

“Empowerment
Feelings”

Percentage
Reporting
“Threat
Feelings”

Percentage Reporting
“Capability Degradation

Anxiety”

Percentage Adopting
“Conscious Non‑Use”

Strategies

Low Level (CET‑4 ≤ 500) 4 75% 25% 25% 50%
Medium Level (CET‑4/6: 501–549) 8 50% 38% 50% 63%

High Level (CET‑6 ≥ 550) 6 17% 62% 83% 83%
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4.1.3. Whose Text Is It Anyway?: The Case of Authorial Identity.

According to the narrative identity theory proposed by Ricoeur, text is the extension of oneself; writing is
how internal thought becomes visible through external symbols [35,36]. The intervention of artificial intelligence
breaks this connection, and when the sentence is produced directly by the machine, the “umbilical cord” between
the author and the text is broken. The students cannot find out whether it is their own voice. According to Table 3,
compared with different levels of artificial intelligence usage, there are also changes in students’ identity cognition.
Under the condition of slight modification (Grammar Correction Only), 89% of students still believe that “it is my
work.” If the whole paragraph is replaced by artificial intelligence, the proportion drops sharply to 22%. Instead,
they have identified themselves as co‑authors (44%) or just editors (34%). More conflicts arise among different cul‑
tures and disciplines. Students who are from a collectivistic cultural background (Xiao Sun) hold a more inclusive
view: “The idea of others has always been absorbed during the process of writing. Why not treat artificial intelli‑
gence as one kind of ‘others’?” But humanities and social sciences majors are more concerned about originality, the
fundamental attribute of academic identity [37].

Table 3. The Recognition of Students’ Authorial Identity under Different Levels of AI Usage.

Degree of AI Use Number of
Participants

Consider
“Entirely My

Work”

Consider
“Co‑Created
with AI”

Consider “I’m
Just AI’s Editor”

Feel “Identity
Anxiety/Unease”

Light Modification (grammar/spelling correction) 9 89% 11% 0% 22%
Moderate Use (sentence rewriting/expansion) 6 50% 33% 17% 50%

Heavy Dependence (paragraph/full text generation) 3 22% 44% 34% 89%

4.2. “Hallucinations” and “Gatekeepers”: Accuracy, Anxiety, and Verification Burden
4.2.1. When AI “Talks Nonsense with Confidence”: The Collapse of Accuracy Trust

The student’s trust in artificial intelligence has experienced a painful shift fromblind trust to suspicion, usually
triggered by one “betrayal event.” Xiao Zhao said in the interview: “I found out that the article cited by it does not ex‑
ist at all: the author’s name, journal’s name, and the publication year are all fake. At thatmoment, I was shocked and
felt cheated.” Such hallucinations are far beyond finding some technical flaws; rather, they fundamentally question
whether artificial intelligence can be relied upon. If artificial intelligence can confidentlymake up facts like this, can
we rely on what it produces anymore? As for how to cope after being betrayed, as shown by Xiao Sun: “Currently,
I no longer dare to use it directly but need to verify each sentence. It’s even more tiring than writing myself.” In
other words, there is a paradoxical reversal from “cognitive offloading” to “cognitive overload.” AI should relieve
our cognitive burden, but instead, the uncertainty of the accuracy of AI makes us always vigilant [38] (Table 4).

Table 4. Types, Frequencies, and Identification Rates of AI Errors Encountered by Students.

AI Error Type
Encounter

Frequency (% of
Total Sample)

Average
Identification

Rate

Engineering
Student

Identification Rate

Humanities/Social
Science Student

Identification Rate

Trust Damage
Severity

(1–5 Scale)

False Citations (fabricated literature) 58% 67% 83% 50% 4.6
Factual Errors (historical/data errors) 39% 72% 89% 56% 4.2
Logical Contradictions (inconsistency) 22% 56% 67% 44% 3.8
Outdated Information (old training data) 33% 44% 50% 38% 3.3

4.2.2. From Creator to Verifier: The Transformation of Labor Nature

Table 5’s revelation of labor time reallocation is not merely a presentation of quantitative data, but reflects an
ontological crisis in learner identity. Before AI intervention, 78% of time was devoted to conception and writing—
this is the core practice of learners as “knowledge creators,” externalizing internal thinking into visible text through
linguistic encoding, completing what Ricoeur describes as the construction of “self‑text” identity [39]. However, af‑
ter AI use, this proportion plummeted to 35% (prompt engineering 23%+ initial generation 12%), replaced by 65%
of validation labor time (fact‑checking 35% + rewriting 12% + polishing 10% + other 8%). This transformation
signifies learners’ regression from “meaning‑makers” to “gatekeepers,” with their cognitive role shifting from active
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generation to passive examination. A deeper paradox lies in the fact that the linguistic sensitivity, critical thinking,
and literature retrieval capabilities required to validate AI output are precisely the shortcomings students initially
hoped to compensate for through AI. As shown in Figure 2, lower‑ability students exhibit a 47% “pretend accep‑
tance” rate due to a lack of validation capability, while higher‑ability students, though capable of effective validation
(72% timeproportion), consequently questionAI’s efficiency value. More critically, verification labor itself required
capabilities that students originally hoped AI would compensate for. Judging whether academic expressions were
appropriate required language sensitivity. Identifying logical gaps demanded critical thinking. Verifying citation
authenticity needed literature retrieval skills [40]. This formed a paradoxical cycle. Those with insufficient capabil‑
ity depended more on AI. But they also lacked verification abilities. Thus, they fell into the cognitive blind spot of
“not knowing what they don’t know” [41]. Figure 2 visualizes labor time reallocation after AI use among students
with different capability levels. Low‑capability students showed high rates of “pretend acceptance” (directly adopt‑
ing unverified content) at 47% due to insufficient verification abilities. High‑capability students could effectively
verify (verification time occupied 72%). However, they also questioned the efficiency value of AI use because of
this burden.

Table 5. Changes in Student Writing Time Allocation before and after AI Use.

Writing Stage Average Time Proportion
before AI

Average Time Proportion
after AI Magnitude of Change

Conception and Outlining 25% 12% −52%
Drafting Initial Text 53% 23% −57%

Prompt Engineering and AI Interaction 0% 18% +100%
Verification (facts/citations/logic) 8% 35% +338%
Revising and Rewriting AI Content 0% 12% +100%

Language Polishing and Format Adjustment 14% 10% −29%

Figure 2. Labor Time Reallocation After AI Use among Students with Different Capability Levels.

4.2.3. Embodied Experience of Academic Risk: Grades, Reputation, Academic Integrity

Students worried not only cognitively about AI errors. They also experienced imagined torments of punish‑
ment, questioning, and labeling at bodily and emotional levels. Xiao Zheng wrote in his experiential journal: “What
if the teacher detects it with plagiarism software? I’m done for. In those days, after submitting, my heart races and
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palms sweat whenever I see an email notification from the teacher.” This “post‑submission anxiety” was a delayed,
continuous emotional burden. It transformed academic writing from knowledge demonstration into waiting for
moral judgment. More specific fears came from peer surveillance. Xiao Qian described: “Students in the group chat
discuss who got caught. This makes me very nervous. Although I only use AI to fix grammar, I don’t even dare men‑
tion that now.” This spreading fear revealed something Foucault discussed about disciplinary power. Through the
“panopticon” mechanism, power becomes internalized. Students need not actually be monitored. The imagination
of surveillance possibility alone produces self‑censorship. Table 6 presents three types of academic risks reported
by students and their coping strategies. Seventy‑eight percent worried about “grade invalidation” (low scores or
redoing work due to AI errors). This represented the most direct utilitarian fear. Sixty‑one percent worried about
“academic reputation damage” (being questioned about integrity by teachers or peers). This involved the protec‑
tion of the social self. Forty‑four percent experienced deeper “moral self‑blame” (feeling guilty even if undetected).
Notably, institutional ambiguity significantly amplified these anxieties. When school policies vaguely stipulated
“reasonable AI use” without defining boundaries, students fell into continuous uncertainty about “how much we
actually use” [42,43]. Xiao Xu’s confusion was highly representative: “The teacher said we could use it, but must
note it.

Table 6. Types of Academic Risks Reported by Students, Concern Levels, and Coping Strategies.

Academic Risk Type Reporting
Percentage

Average Anxiety
Intensity (1–5

Scale)
Main Coping Strategy

Percentage
Adopting This

Strategy

Grade Invalidation (low scores/redo due to AI errors) 78% 4.3 Excessively verify every detail 68%
Academic Reputation Damage (questioned about integrity) 61% 4.6 Reduce AI usage frequency 44%

Flagged by Detection Tools as AI‑generated 56% 4.1 Manually rewrite AI sentences 52%
Moral Self‑blame (internal guilt) 44% 3.8 Use AI only in low‑risk assignments 39%

Peer Reporting or Competitive Disadvantage 33% 3.5 Keep AI use confidential 67%

4.3. “Am I Still Learning?”: Metacognitive Anxiety and the Threat to Deep Learning
4.3.1. Outsourcing Thinking: Loss of Cognitive Process Visibility

Table 7 presents changes in students’metacognitive awareness. Before using AI, 83%of students could clearly
describe their thinking paths (“This is how I thought”). After using AI, this proportion dropped to 28%. Correspond‑
ingly, the proportion reporting “uncertain idea origins” surged from 11% to 61% [44]. More worryingly, 39% of
students expressed self‑perception of “thinking ability degradation.” This was not merely an objective capability
decline. Rather, it represented a shaking of subjective identity—the sense of “me” as a thinker became diluted.
Figure 3 visualizes this process through the cognitive load theory framework. In traditional writing, students’
working memory must simultaneously process content generation, language encoding, and structure organization.
Cognitive load is high but promotes deep processing. After AI intervention, students’ cognitive load shifts from “gen‑
erative” to “evaluative.” This appears to reduce the burden. Actually, it deprives those “desirable difficulties” that
promote long‑term learning. Xiao Jia’s reflection possessed keen insight: “Thinking about it now, the pain of not
being able to write before was actually learning something. AI lets me skip the ‘not knowing what to say’ stage. But
that might be exactly where learning happens.” This belated awakening suggests something important. Comfort
and growth are often opposed. Technology precisely tempts students to choose the former and abandon the latter.

Table 7. Changes in Student Metacognitive Awareness Before and After AI Use.

Metacognitive Indicator Before AI Use After AI Use Magnitude of Change

Can clearly describe own thinking path 83% 28% −66%
Can trace idea generation process 72% 33% −54%

Uncertain about idea origins (mine vs. AI’s) 11% 61% +455%
Feel “thinking was skipped” 6% 56% +833%

Self‑assess “thinking ability degradation” 0% 39% N/A
Can monitor own learning progress 67% 22% −67%
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Figure 3. Cognitive Process Load Comparison between Traditional Writing and AI‑Assisted Writing.

4.3.2. The Meaning of “Struggle”: The Disappearance of Desirable Difficulties

After reflecting retrospectively, students began to realize that those hard times previously considered “learning
obstacles” are actually themost “alive” period of cognitive growth. As another interviewee, Xiao Xu, said: “Thinking
about it now, not knowing how towrite is actually ‘something I have learned.’ Stuck here and don’t know how to say
it; I will look up the dictionary, find example sentences, try many times… that’s ‘learning.’ ” This reflects the essence
of Vygotskian ZPD theory: learning does not occur in comfort zones, but rather in “struggling areas.” As expressed
by Xiao Jia, “When AI solves problems for you directly from ‘not knowing how to speak,’ the ‘not knowing’ time that
makes your brain generate new circuits seems missing.” In fact, according to the psychological concept of eustress,
moderate levels of cognitive challenge promote deep processing and long‑term memory formation. Instead, too
much ease hinders learning transfer [45]. Table 8 shows how students changed their views onwhether “struggling”
is valuable. Before trying out AI, only 22% felt that it was useful to encounter difficulties whenwriting. By contrast,
61% took them as “problems that need to be solved.” Afterwards, however, 72% started considering again why
we need to suffer. Because “maybe we really need to struggle.” Such changes originated from cherishing what has
been lost. If everything becomes smooth later on, students will evenmiss this feeling of “hard work but rewarding.”
Even more subtle differences are found in situations. It still prefers efficiency with AI in routine homework rather
thanwithout AI (78%). However, under special conditions—like final examinations or job application letters—56%
choose not to use AI so that they can “keep their true abilities.” As described by Xiao Yao: “No AI allowed during
the final exam, then I found myself unlearned here because my previous homework got a high score, which made
me feel safe [46], but it turned out to be just an illusion. This experience made some students take a ‘consciously
struggle’ strategy: use AI in low‑risk tasks, save time; do not use AI in high‑stakes situations, maintain basic skills.”

Table 8. Transformation in Students’ Perception of “Writing Struggle” Value.

Attitude toward “Struggle” Before AI
Use

After AI Use
(Reflection Period)

Contextual Difference: Daily
Assignments

Contextual Difference:
Important Tasks

Believe “difficulties have learning value” 22% 72% 17% 61%
View as “obstacles to be eliminated” 61% 17% 78% 28%
Ambiguous/contradictory attitude 17% 11% 5% 11%
Adopt “conscious struggle” strategy 0% 44% Use AI for low‑risk Avoid AI for high‑risk
Miss “effortful but rewarding” feeling 6% 67% ‑ ‑
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5. Discussion
5.1. Beyond Binary Opposition: Risk as Experience Rather than Attribute

In conclusion, the key discovery of this study has challenged the existing theoretical research paradigm on
technology risks: Risks neither objectively belong to AI tools nor are they probabilistically measurable. Instead,
they are “meaningful worlds” constructed by learners through body sensation‑emotion‑reflection under certain
situational conditions [45]. This finding fundamentally contests the Technology AcceptanceModel’s (TAM) founda‑
tional assumption that adoption decisions emerge from rational cost‑benefit calculations of perceived usefulness
and ease of use. TAM presupposes a stable, pre‑existing “risk object” awaiting evaluation; our phenomenological
evidence reveals risk as dynamically constituted through lived experience—the same AI feature (rapid response
generation) manifests as empowerment for one learner yet threatens another, contingent upon situational context,
proficiency levels, and identity negotiations. We thus propose replacing TAM’s input‑output logic with a hermeneu‑
tic framework: learners do not “perceive” pre‑given risks but actively interpret technological encounters within
their lifeworld horizons. This change also brings new epistemological insights. We no longer take for granted that
“AI has risks,” but ask instead, “How do students feel risky?” and “What does risk mean to them?” [46]. What we
found is that even if it is the same technical characteristics (how fast the AI tool generates responses), different stu‑
dents will have different feelings under different assignment scenarios. It may be exciting to empower me (“Finally
I can speak up during academic discussion”). Or it may feel like threats to overwhelm me (“It’s taking away my
advantage”). These diverse and changing feelings cannot be reduced to the score level or the causal relationship of
acceptance models. In particular, the feeling of risk itself is “contradictory.” Students do not simply accept/reject
technologies, but constantly adjust boundaries between efficiency vs deep learning, convenience vs authenticity,
dependence vs independence [47]: “Maybe this is not about accepting/not accepting AI. Instead, it’s about how
you don’t get lost while using AI,” as Xiao Ma put it. This reminds us that education research needs to change its
focus from identifying/risk avoidance to understanding/conversing about the sense of risk. We need to recognize
that, rather than problems waiting to be solved, the contradictions involved when adopting new technologies are
situations we all need to share.

5.2. Educational Implications of Contradictory Experiences
The contradictory experience of students using AI needs to be taken seriously instead of being ignored: on the

one hand, they want to be efficient but fear dependence; on the other hand, they are grateful for empowerment
but doubt whether it is really their own. Such contradictory feelings are not “cognitive confusion” or “develop‑
mental immaturity,” but rather show “true educational insight.” In fact, any real learning cannot avoid tension and
uneasiness [48]. These contradictions naturally present teachingmoments for fostering reflection ability. Once stu‑
dents say, “I know AI will save me time, but at the same time I feel like I’m losing something,” this is the moment of
metacognition, which is “reflection on reflections.” This reflective awareness itself belongs to the key competence of
21st‑century talents [49]. From a sense‑of‑control perspective, it is precisely because of contradictory experiences
that students shift from being a tool user to becoming an active creator of meanings. They begin to develop con‑
trol behaviors such as “consciously not using AI tools,” flexibly choosing strategies based on situations, and setting
boundaries for themselves, which are new ways of taking charge under technology conditions. Instead of avoiding,
educators need to bring these contradictions out into the open and discuss with them the difficulties encountered
during the use of AI in class. Or write reflective diaries to describe the journey of thinking, analyze cases, weigh
the advantages and disadvantages of different ways of using AI, etc., so as to help students turn vague anxiety into
clear self‑perception [50]. The key point is to change the binary opposition of current educational discourses. Do
not simply educate students that AI is good or bad. Instead, we should grow judgment together with them in am‑
biguous situations. Help them build subjecthood in contradiction. Perhaps this is the mission of education in the
era of artificial intelligence. Operationalizing these phenomenological insights, our pedagogical strategies directly
address the three experiential structures uncovered: meta‑reflective tasks combat cognitive offloading invisibility
(the “Am I still learning?” anxiety); critical AI literacymodules target the verification burden paradox (transforming
“gatekeepers” into informed critics); dual‑track assessment honors both the efficiency‑agency dialectic and author‑
ship identity struggles. This theory‑practice alignment ensures interventions do not impose external solutions but
rather amplify learners’ existing hermeneutic labor—making visible what they already intuitively sense yet strug‑
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gle to articulate. Based on research findings, we propose three types of actionable pedagogical strategies. First,
design “meta‑reflective tasks” to promote cognitive offloading awareness: require students to submit “dual‑track
writing journals,” with the left column recording AI‑generated content and the right column reconstructing “how
I would think without AI,” visualizing skipped cognitive processes through comparison; implement “thought pro‑
cess retrospection” assignments, having students reconstruct complete reasoning chains of problem‑solving with
mindmaps, marking AI intervention points. Construct a “critical AI literacy” curriculummodule encompassing four
dimensions: technical cognition (understanding LLM working principles and limitations), ethical judgment (case
analysis of academic integrity dilemmas), verification capability (training fact‑checking and logical critical thinking
skills), and boundary setting (formulating personalized AI usage contracts). Third, adjust assessment policies to
balance accountability and stress reduction: adopt “process portfolio” assessment, requiring students to submit
complete trajectories of initial draft—AI interaction records—revised draft; establish dual tracks of “AI‑free assess‑
ment” and “AI collaboration tasks” running in parallel, with the former ensuring basic competency evaluation and
the latter recognizing tool collaboration capability; establish an “AI usage transparency” declarationmechanism, in‑
corporating the labeling behavior itself into integrity scoring, transforming punishment into educational dialogue.

6. Conclusion
By using the method of educational phenomenology, we explore university students’ deep feelings about the

risk perception of artificial intelligence for language learning. A world of meaning behind the use of technology is
revealed.
(1) The researchhas built up an epistemology of risk as “experienced construction” insteadof “objective attribute”,

which is against the variable‑based thinking mode of the traditional technology acceptance model (TAM).
(2) There are three dialectical contradictions derived from the above data. The first contradiction is the tension

between “efficiency temptation” and “agency erosion.” The second one is centered around the “labor transfor‑
mation” provoked by “accuracy anxiety,” and the last one deals with how “metacognitive questions” prompt
“self‑reconstruction.” As such, all these three aspects together form the “existential condition” of students to
dance with AI.

(3) “Learners do not pick things up passively but come up with their own ways to take control (e.g., ‘consciously
not using something’) in dealing with contradictions.” This is another novel way that learners exercise their
power in this new tech era.

(4) Instead of treating them as problems to be solved through punishment and discipline, we need to make these
contradictory experiences visible as the conditions that can promote critical reflection onwhat is goingwrong.
Rather than punishing students who violate school norms, we should support them in developing their own
judgments about how to act with others in situations where there are no clear rules; dialogue, not discipline,
will be key.

(5) The present study provides a methodological demonstration of how to conduct qualitative inquiry in educa‑
tion. Taking a research approach that is based on learners’ voices, grounded on the experience of narration,
and oriented toward the interpretation of meaning, we found something “beyond instrumentality”. That is,
it would be valuable if future studies could follow up on the development over time of students’ attitudes
towards AI, as well as investigate differences in the expression of perceived risk under different cultures.
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