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Abstract: Translation is defined as the process of transferring meaning from one language to another. It is an
extremely difficult and complex process because it involves not only transferring words but also ideas, culture, lin‑
guistic customs, andmeanings derived from syntactic elements, their arrangement, word structure, and derivation.
This is especially true in languages with complex structures, such as Arabic, which is characterized by its multiple
linguistic contexts. These contexts have not been adequately addressed by NLP (Natural Language Processing) ap‑
plications in machine translation models due to the lack of diverse contexts where metaphor, figurative language,
grammatical inflections, morphological patterns and their connotations, and sentence structure all play pivotal
roles in determining meaning. Furthermore, spoken language, with its inherent phonetic and expressive charac‑
teristics, conveys the text into broader semantic spaces. These spaces are influenced by the effect of intonation on
specific syllables, the speaker’s psychological state, the listener’s mood, and accompanying body language, which
transforms meaning into other subtle details. All of this, and more, is absent from machine translation, no matter
how hard its creators try to imbue it with human emotions and feelings. This study highlights the importance of in‑
tegrating in‑depth linguistic analysis, contextual semantic modelling, and cultural awareness into natural language
processing‑based translation systems. By combining traditional linguistic insights with computational methods,
the research offers a framework that can contribute to improving the accuracy of machine translation from Arabic
to English.
Keywords: Language and Language Culture; Stress and Intonation; Morphological Meanings; Syntactic Analysis;
Semantic Analysis; Context; Linguistic Taboos

1. Introduction
Language is a human activity practiced by a single group, characterized by social interaction and consensus.

Every language contains a vast repertoire of words, expressions, structures, and grammatical forms [1]. There are
other details stemming from the culture of the language itself [2], the act of speaking, and the meanings acquired
from the phonological [3], morphological [4], and syntactic levels. Punctuation in written texts [5], stress [6], in‑
tonation [7], and delivery in spoken texts, along with many other important factors in the translation process. All
contribute to achieving the highest degree of accuracy in the translated text.
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Machine translation is a means of transferring meaning from one language to another. It is characterized by
its speed and time‑saving benefits for its users [8]. However, despite these advantages, it cannot be relied upon
entirely and must be carefully reviewed because it often provides an equivalent for every word in the text to main‑
tain the word count [9], which sometimes leads to a loss of the overall meaning [10]. The arrangement of words in
each language depends on its system and culture, and this arrangement is not consistent at a uniform pace in all lan‑
guages. Arabic, in particular, is a language with a special nature in the structure of its words and the characteristics
of its sentence structure. Derivation, metaphor, context, and sounds all serve the meaning. Natural language pro‑
cessing and its applications in neural translation lack a large part of these subtle linguistic phenomena. Moreover,
customs, traditions, values, and societal culture influence linguistic output. For example, there are linguistic taboos
that cannot be used because of the social embarrassment they cause. The Arabic language euphemisms these prohi‑
bitionswith other socially acceptable words. In Arabic, some body parts cannot be expressed explicitly and directly,
and the original words are not used explicitly. This linguistic taboo does not exist in other languages where there
is social freedom, and it is possible to express these prohibitions explicitly in other languages. Despite the tremen‑
dous progress in machine translation programs and programmers’ attempts to design translation software with a
human touch, the difference between machine and human translation remains clear. No matter how sophisticated,
translation programs cannot provide an accurate translation of a poem [11], where the poet uses imagery from
their environment to represent their symbolic meanings or express their personal feelings a fundamental element.
Poetry is truly understood only by thosewho speak its language, and it only becomesmeaningful when the reader’s
emotional state aligns with the writer’s. Furthermore, the body language that accompanies meaning is entirely
absent in text translation.

In spoken texts, machine translation programs lack the vocal expressions that can alter literal meanings and
transform them into meanings related to the speaker’s psychology. For example, the English verbs “went” and “go”
are two different words expressing temporal values, which is the natural equivalent in translation. However, the
first verb might be accompanied by a subdued tone indicating regret, while the second might be accompanied by a
strong tone indicating anger [12]. All of this, and more, constitutes one of the problems that hinder the production
of a complete and accurate text through neural translation applications. In the following papers, we will present
the most important linguistic phenomena that are missing in neural translation programs through the translation
of words, expressions, and morphological forms through Google Translate.

2. Contribution of the Study
The linguistic phenomena addressed in this study represent key aspects of the semantic shortcomings of cur‑

rent Natural Language Processing (NLP) models in Arabic–English translation. Unlike previous studies that have
focusedprimarily on computational and algorithmic aspects, this research emphasizes the role of thedeep linguistic
structure of the Arabic language, which is closely linked to its rich cultural context.

The findings of this study provide a theoretical framework that can support researchers and developers work‑
ing on improving NLP‑based translation systems. By highlighting these linguistic phenomena through practical
application, the study demonstrates that such features remain insufficiently captured by current systems, despite
their continuous development.

3. Literature Review
The rapid evolution of machine translation (MT) has significantly enhanced cross‑linguistic communication;

however, achieving contextually appropriate and culturally accurate translation remains a formidable challenge.
Scholars increasingly argue that translation is not merely a lexical exchange but a sophisticated transfer of ideas,
cultural norms, and linguistic customs. Despite the “exciting leap forward” represented by neural machine trans‑
lation (NMT), certain linguistic phenomena and structural divergences remain largely “out of reach” for modern
systems. This is particularly evident in Arabic, where the intersection of structural complexity and cultural depth
poses unique hurdles for Natural Language Processing (NLP).
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3.1. The Human‑Machine Parity Debate and Cultural Bias
A significant debate in current literature concerns whether NMT has reached parity with human translation.

While some claim that intelligent systems can now translate at a human level, Das argues that NMT remains inher‑
ently inadequate because human efficiency in handling the intersection of diverse language structures and cultures
is highly improbable for machines at this stage [13]. A critical issue is the inherent bias in AI design; because sys‑
tems are shaped by the social experiences andworldviews of their designers, they often project a biased framework
that struggles to handle non‑Western linguistic constructs accurately.

In the context of Arabic, this lack of cultural “human efficiency” is a major shortcoming. Alkhatib and Shaalan
note that while machine translation of Arabic has made significant progress, it still struggles to grasp the subtle
semantic, cultural, and contextual nuances that characterize professional human translation [9]. Naveen and Tro‑
jovský further emphasize that current systems often fail to disambiguate polysemouswords or handle the idiomatic
expressions and cultural nuances inherent in the source text [14].

3.2. Morphological Complexity and Representation Gaps
Themost “linguistically distinctive” aspect of Arabic is itsmorphology, which accounts for a substantial portion

of the language’s processing difficulty. As a highly sophisticated inflectional language, Arabic utilizes a complex
system of roots and patterns to derive meaning. However, Habash identifies a critical “representation gap” in MT
research: while dictionaries use lexemes,many statistical and neuralmodels rely on undiacritizedword stems. This
mismatch results in a loss of semantic granularity, as the system cannot distinguish between subtle grammatical
functions or permanent character traits embedded in word structures [15].

Furthermore, Nzeyimana points out that standard sub‑word tokenization methods are limited to the “surface
forms” of words. In low‑resource or morphologically rich settings, this prevents the model from understanding un‑
derlying linguistic information. Explicit morphological modeling and the use of “lexeme‑and‑feature” levels of rep‑
resentation are necessary to ensure that the system recognizes the full scope of Arabic’s derivational richness [4].

3.3. User Perspectives and Syntactic Challenges
Research into the practical application of translation tools highlights the ongoing reliance on digital translation

platforms (DTPs) despite these known shortcomings. Alamri and Al‑Amri found that academic faculty members
frequently consult websites like Google Translate and smartphone apps, even though satisfaction with translation
quality varies and there are no statistically significant differences in perceived satisfaction across different user
groups. This suggests a persistent need for improvement inMT systems tomeet the rigorous standards of academic
and abstract translation [16].

These improvements must address Arabic’s flexible syntax—characterized by the ability to delay subjects or
reorder objects for emphasis—which presents a structural divergence that rigid English‑based models struggle to
bridge. This complexity is even more pronounced in spoken language, where Arabic natural language generation
(NLG) is currently underdeveloped. AbdelMonemet al. highlight that in spokendialogue, the “intent” of the speaker
is paramount. Traditional tools are often insufficient because they fail to account for the interplay between syntax
and the speaker’s psychological state [17].

3.4. Research Gab
Although all these studies added valuable insights regarding the challenges facing Arabic in machine transla‑

tion to and fromEnglish, they overlooked some important points anddetails revealedby this research. Some studies
that focused on the phonetic aspect lacked the significance of sound characteristics such as voicing or emphasis as
indicators of strength, as opposed to voicelessness or attenuation as indicators of weakness. These studies focused
more on the formal aspect related to the presence of vowel sounds and their morphological changes [17]. Similarly,
studies that discussed the morphological aspect focused more onmorphemes and their meanings, such as prefixes
and suffixes [4,5], and did not pay attention to the morphological meaning of the form, whether in the structure
of verbs or derived adjectives. Those who focused on the syntactic aspect focused on personal pronouns, gender,
singular, dual, and plural [16], without mentioning the importance of inflection in determining and directing mean‑
ing. None of the studies that addressed the cultural context mentioned body language or linguistic taboos in Arabic
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culture. Therefore, this study differed in a number of important details that should be taken into account. Con‑
sideration should be given when designing neural translation applications, especially since the participants in this
research are specialists in linguistic sciences, particularly the Arabic language.

4. Methodology
This research adopts a descriptive‑analytical linguistic approach, evaluating the translation output produced

by Google Translate as a model neural machine translation system. The analysis focuses on key linguistic dimen‑
sions, including morphological patterns, inflection, word order flexibility, idiomatic expressions, and culturally em‑
bedded meanings.to demonstrate the shortcomings of machine translation in Arabic.

The references used in this research consist of a collection of studies that discussed machine translation and
its evaluations, in addition to several studies that addressed the relationship between society, culture, emotions,
and language, and their impact on translation.

5. Results and Discussion
‑ The applications of natural language processing and neural translation are limited for some morphological

phenomena, especially the functions of verb morphological patterns.
‑ The inability to produce an accurate translation of sentences in which the subject is delayed and comes after

the object.
‑ Machine translation ignores the diacritical marks that guide themeanings of words, whether at the level of the

word’s structure itself, or at the level of the word’s function within the sentence.
‑ Machine translation applications lack cultural context, which includes the speakers’ culture, linguistic customs,

symbol meanings, colors, and body language. This deficiency leads to literal translations that distort themean‑
ing.
Languages are divided into isolate or rigid languages, which rely on monosyllabic units. These units combine

to form distinct meanings within the linguistic community for communicative purposes. These languages are often
rigid, with limited content and range.

The other category of languages is agglutinative languages, whose grammatical relationships are formed by
adding specific morphemes that function as adjectives or modifiers. Turkish is an example of this. Then there are
inflectional or derivational languages, which aremorewidespread and rely on a formal structure that aims to distin‑
guishmeanings through prefixes, suffixes, and inflections. Examples include Arabic, Russian, and English. However,
Arabic is considered the most sophisticated, as it is a language that relies entirely on derivation and morphemes to
express its meanings.

5.1. Language and Language Culture
Learning a language involves two things: studying its structure and vocabulary, and understanding the rela‑

tionship between its structures and words and the non‑linguistic reality, civilization, and culture of that language
which is something else entirely [18]. This is where the difficulties arise when learning a language without under‑
standing the contexts in which its words and structures are used. Contrary to popular belief, learning a foreign
language outside its native country is not considered a long and arduous process. The direct, active, audio‑visual,
and immersive methods are all considered effective ways to learn a language and understand its specific character‑
istics simultaneously.

Bilingualism and its culture are similar to bilingualism and speech. Language is the set of rules and rigid laws
found in grammarbooks,morphology texts, anddictionaries, and it canbe learnedwithin a specific timeframe. How‑
ever, the act of speaking or talking cannot be learned within the same timeframe [12]. This is because speech is an
act linked to the culture of a language, which arises from the set of beliefs, values, customs, historical events, and
environmental, psychological, political, and economic factors specific to a given society. These factors shape this so‑
ciety into a linguistic community with specific characteristics. The culture of a language is manifested in idiomatic
expressions, proverbs, sayings, metaphors, symbols, signs, and quotations [19]. The culture of a language is the fig‑
urativemeaning that encompasses ideas, feelings, and emotions. Amachine translator should not be equippedwith
the rules and vocabulary of a language without its cultural context [20]. Translation is essentially the transfer of
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ideas, and these ideas, which originate within a linguistic framework, are imbuedwith the societal culture in which
the text’s authorwas raised. If a translator (humanormachine)merely transferswordswithout conveying the ideas,
the resulting text will be flawed, withmeaning lost or partiallymissing. How can a translator render phrases like “If
water is available, dry ablution is invalid” and “You are divorced three times” without knowledge of Islamic culture?
Similarly, how can they translate expressions like “black market,” “money laundering,” or “market Sharks” without
understanding the economic conditions of the target linguistic community? Furthermore, within a language’s cul‑
ture, there are linguistic taboos that the language does not explicitly use but rather alludes to through metaphors.
These taboos can backfire in translation, as machine systemsmight express these terms directly because machines
are not embarrassed. Not everything that is taboo is forbidden in every culture; some languages explicitly state
what is prohibited. This is where customs, traditions, and societal norms come into play [21]. Therefore, those
responsible for developing translation programs must ensure they possess a deep understanding of the linguistic
culture rooted in the environment, society, customs, traditions, and religious references. One of the most impor‑
tant examples related to culture is the Quranic text. In Arabic culture, the readings of some words may vary, but
the meaning remains the same [22]. There are also many examples of language whose semantic meaning cannot
be grasped or translated through literal translations alone. For example, jokes cannot be translated because they
are intrinsically linked to the culture of the language [23]. A listener will not laugh at a joke about a famous person
in the joke‑teller’s community if they do not know that person, or a joke involving a historical event or a set of cus‑
toms or values they do not believe in. Even food, its varieties, and aromas are all intertwinedwith the culture of the
language.

5.2. Morphological Values
Those responsible formachine translationprogramsmust integrate the subtle nuances ofmorphologicalmean‑

ings into their neural translation applications. Morphological meanings constitute important values in the seman‑
tic content of the text [24]. Machine translation cannot distinguish between the added meaning in the verb form
(yatafaalu ) and the form ( yafalu), as will be shown in Table 1.

Table 1. Meanings of Verb Forms.

Morphological Form Verbal Form Machin Translation Output The Meaning in Arabic Language

Yaftaelu – yatafaalu Yakhtaru‑ yatakhayaru Chose – choses (yatakhayaru) He takes his time
choosing without rushing.

Yafalu – yatafaalu Yamshy‑ yatamasha
Walk – he walks (yatamasha) He walks leisurely and

slowly, as if in contemplation.

Machine translation rendered the two forms as having the samemeaning despite their differences, and in Ara‑
bic, every increase in structure corresponds to an increase in meaning.

This is not limited to verb structures alone; some adjectives derived from verbs also do not accurately reflect
their degrees of intensity and exaggeration in machine translation. Arabic has specific patterns for the structure of
its nouns. For example, the active participle is on the pattern (faael), and themeaning of this pattern is variable,
not fixed. Exaggeration is further emphasized in another type of derived adjective, leading to the formation of forms
like (faaal) and (faiel)to denote exaggeration. Natural language processing applications cannot distinguish
between these forms, as will be shown in Table 2.

Table 2. Meanings of Derivatives.

Morphological Form Derived Adjective Machin Translation Output The Meaning in Arabic Language

Faaal – Faael Kazzab‑ kazeb
Lier‑ Lier

Kazzab: means that he lies frequently.
Kazeb: means that lying is an acquired
trait and not part of his character.

Faul – Faiel‑ Fael Hassid‑ Hassud – Hased
Envious‑ Envious‑Envious

Hassud/Hassid:
A fundamental and constant character‑
istic that will not change.
Hased: It is temporary and not
permanent.
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Regarding the issue of derived adjectives and their multiple forms, it is noticeable that machine translation
sometimes distinguishes between these forms, and sometimes it does not provide any equivalent for the word. For
example, Google Translate differentiates between (Aakel) “eater” and (Akuol) “Gluttonous” and provides
an accurate translation for each form, but it does not provide that distinction in many other forms.

Likewise, one of the errors thatmachine translationmakes at themorphological level is confusion in the deriva‑
tion of forms [25]. Sometimes, the translation program is unable to reach the correct root of theword and translates
it with a different meaning.

5.3. Grammatical Values
Undoubtedly, every language has its own grammatical system [26]. The basic grammatical patterns in Arabic

consist of meaningful sentences, or complete sentences, which are nominal and verbal. The translator must follow
these sentences in the text to be translated, examining their completeness, the order of their units, any irregular‑
ities in their order, and finding an equivalent in the target language. For example, English does not have nominal
sentences; its sentences are verbal and begin with a subject. Moreover, delaying one of its components can distort
the meaning [26]. In Arabic, it is possible to delay the subject and place the object before it without changing the
meaning, which is not possible in English. Arabic also has grammatical markers that preserve meaning, as will be
shown in Table 3, which identify the subject and object.

Table 3. Order of Grammatical Functions.

The Sentence Machin Translation Output The Correct Meaning

Akala alfaar Alketa
The mouse ate the cat. The cat ate the mouse

If we translate this sentence into English, there will be no distinction between the subject and the object, es‑
pecially since English does not allow the subject to be placed after the object. According to English grammar, the
mouse would be the subject. Arabic also distinguishes between masculine and feminine, singular, dual, and plu‑
ral [16], and has rules for numbers. The noun following the interrogative particle “kam ” (how many) is singular
in Arabic and plural in English. Similarly, the word order of descriptive sentences is different; in Arabic, the adjec‑
tive follows the noun it modifies, unlike many other languages where the noun follows the adjective. Furthermore,
machine translation programs do not distinguish between exclamatory and negative constructions, as shown in
Table 4.

Table 4. Grammatical Markers.

Machin Translation Output Evaluation According to Arabic Rules

Ma Ahsana Zaydan How excellent is Zayd! It is correct

Ma Ahsana Zaydun
How good Zayd is He did nothing good

Ma Ahsana Zayden
How handsome Zayd is! What is good in his action?

The variation in case endings (such as the damma, fatha, and kasra) on the noun at the end of the sentence led
to a change in meaning in each of the preceding sentences. However, the machine translation did not provide any
additional information to indicate these meanings. Furthermore, without case endings, it would be impossible to
distinguish between the negative particle “la” ( ) indicating number and the negative particle indicating gender, as
in the example shown in Table 5.

Likewise, grammatical markers are of great importance in grammatical topics such as addition and specifica‑
tion, andmachine translation cannot distinguish between these grammatical functions because it does not consider
grammatical markers, as shown in Table 6.
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Table 5. Distinguishing between “La ” for Gender and for Number.

The Sentence Machin Translation Output Evaluation According to Arabic Rules

LA Ragulan Fi Addar
There is no man in the house. There is no man, whether child, youth, or old man

LA Ragulun Fi Addar
There is no man in the house. There isn’t just one man, but possibly two or more.

Table 6. Grammatical Markers and Functions.

The Sentence Machin Translation Output Evaluation According to Arabic Rules

Ishtaraytu qadaha Maaan
I bought a glass of water. I bought a water not glass

Ishtaraytu qadaha Maaen
I bought a glass of water. I bought a glass not water

5.4. Cultural and Contextual Values
Cultural context plays a crucial role in revealingmeanings [14], especiallywith regard to idiomatic expressions,

proverbs, and maxims [19]. We must also consider the role of body language, which often conveys a significant
portion of the intended meaning. For example, in film translation, we find a fundamental flaw in the translation
process. This flaw doesn’t stem from translators’ ignorance of the words being translated, but rather from the fact
that most translate the text without seeing the scenes. In this case, the text may lose a considerable part of its
meaning, a significant portion represented by the body language accompanying the spoken action. Gestures or
body language can express a large part of the meaning. One Arab scholar emphasized this point, saying, “I cannot
understand someone speaking to me in the dark” [27], (vol 2, p. 147). This is precisely what we mean. You cannot
understand someone speaking to you from behind a curtain; there are hidden meanings that can only be revealed
by observing their facial expressions, eye movements, and hand gestures. Body language carries‑sometimes‑ more
than 50% of the intended meaning [28], (p. 43), and machine translation lacks this visual aspect. I am referring
here to Google Translate and other translation systems that do not take body language into account in written or
spoken texts, especially since body language varies from one language group to another. This is shown in Table 7.

Table 7. Body Language.

Body Language Machin Translation Output The Meaning of Body Movements in the Context of the Arabic Language

He lowered his head. Shame or insecurity
Raise your head high Pride and confidence
He pursed his lips. Confusion or anger
He furrowed his brow. Anger and dissatisfaction
His pupils dilated. Fear or surprise
He bit his fingertips. Regret

Machine translation of such body language expressions often provides a literal translation divorced from the
cultural context of the language. This is particularly evident in Arabic, and therefore the output fails to convey the
intended meaning as it relates to the speakers’ culture.

Furthermore, a semantic shortcoming of machine translation is its failure to accurately translate the symbols
and colors used within the cultural context of Arabic [29], as illustrated in Table 8.

Table 8. Idiomatic Expressions.

Symbolic Expression Machin Translation Output The Meaning of Colors in the Cultural Context of the Arabic Language

Iswada waghuhu His face turned black. Sadness

Ibyada waghuhu His face turned white. Joy
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Table 8. Cont.

Symbolic Expression Machin Translation Output The Meaning of Colors in the Cultural Context of the Arabic Language

Isfara waghuhu His face turned yellow. Fear or illness

Aldoo Alkhdar He gave him the green light. Permission granted

Haza almawdoo khat ahmar This is a red line. This subject cannot be discussed

Rafaa Alraya Albida Raising the white flag Surrender in any battle

Colors, in a cultural context, carry greater connotations than words. When the phrase “his face turned black”
is used in any context, speakers immediately understand that something sad happened that caused the man to
experience deep sorrow. The same applies to the rest of the sentence. The literal translation provided by machine
translation failed to convey the intended meaning.

Similarly, machine translation did not provide accurate meanings for idiomatic expressions in Arabic [9], of‑
fering a literal meaning far removed from the figurative meaning these expressions convey within their cultural
context, as shown in Table 9.

Table 9. Cultural Expressions.

Idiomatic Expressions in Arabic Machin Translation Output Meaning of Expressions in Arabic Language Culture

Yarkabu Elmouga He Rides The Wave A Hypocritical Person Who Supports Those With Power And Influence.

Dafana Rasohu Fi Lremal Burying His Head In The Sand Fear And Avoidance Of Confrontation.

Beyade Men Hadid With An Iron Fist Power In Governance And Decision‑Making.

6. Conclusion
This research has demonstrated that while machine translation (MT) and natural language processing (NLP)

applications offer significant advantages in speed and global accessibility, they remain inherently limited in their
ability to achievemaximumaccuracywhen translating fromArabic to English. The primary shortcomings identified
centre on the machine’s inability to transcend literal word‑for‑word exchanges to capture the multi‑dimensional
layers of the Arabic language.

As detailed in the results, neural translation models frequently fail to account for the sophisticated morpho‑
logical derivational richness of Arabic, often ignoring diacritical marks and morphological patterns that determine
specific shades of meaning, such as the difference between a permanent character trait and a temporary state. Fur‑
thermore, the flexible syntactic structure of Arabic, specifically the ability to delay subjects, remains a structural
divergence that often leads to distorted translations in rigid English‑based models.

Beyond technical structural hurdles, the most significant barrier is the absence of cultural and contextual in‑
telligence. Machine translation systems lack the capacity to interpret socio‑cultural nuances, linguistic taboos, and
the figurative meanings embedded in idiomatic expressions and symbolic colours. Additionally, the vital role of
non‑verbal cues, such as body language and vocal intonation, remains entirely absent from text‑based MT, leaving
over 50% of intended meaning “in the dark”.

Ultimately, this study underscores that for morphologically and culturally rich languages like Arabic, machine
translation must be viewed as an aid rather than a replacement for human expertise. To move toward higher accu‑
racy, developers must prioritize the integration of “lexeme‑and‑feature” representations and context‑aware mod‑
elling that accounts for the inextricable link between a language and the societal values of its community. Further
research should continue to utilize targeted “challenge sets” to systematically identify and bridge these persistent
linguistic gaps.
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14. Naveen, P.; Trojovský, P. Overview and challenges of machine translation for contextually appropriate trans‑

lations. iScience 2024, 27, 110878. [CrossRef]
15. Habash, N. Introduction to Arabic Natural Language Processing, 1st ed.; Morgan & Claypool Publishers:

Toronto, ON, Canada, 2010.
16. Alamri, H.; Al‑Amri, A. Arabic‑English Machine Translation (MT) Quality: Exploring Researchers’ Perspec‑

tives and Challenges. In Proceedings of the 14th International Multi‑Conference on Complexity, Informatics
and Cybernetics: IMCIC 2023, Online, 28–31 March 2023; pp. 176–182. [CrossRef]

17. Abdel Monem, A.; Shaalan, K.; Rafea, A.; et al. Generating Arabic text in multilingual speech‑to‑speech ma‑
chine translation framework.Mach. Transl. 2008, 22, 205–258. [CrossRef]

18. Kramsch, C. Language and Culture, 3rd ed.; Oxford University Press: Oxford, UK, 1998.
19. Al Shaikhli, M. Problems of Machine Translation Systems in Arabic. J. Lang. Teach. Res. 2022, 13, 755–762.

[CrossRef]
20. Castilho, S.; Knowles, R. A survey of context in neural machine translation and its evaluation. Nat. Lang. Pro‑

cess. 2025, 31, 986–1016. [CrossRef]
21. Al‑Khalil, E.A.A.; Mohammed, I.A. Some reservations on translating taboos from English into Arabic: Prob‑

lems and solutions.Wasit J. Humanit. 2025, 21, 1343–1329. [CrossRef] (in Arabic)
22. Al‑Haj Eid, O.A.; Mansour, A.W.; Abumahfouz, A.M.; et al. Morphologicalmarkedness in theHoly Quran. Forum

Linguist. Stud. 2025, 7, 9. [CrossRef]
23. Omar, A.; Gomaa, Y.A. The machine translation of literature: implications for translation pedagogy. Int. J.

Emerg. Technol. Learn. 2020, 15, 228. [CrossRef]
24. Sadiq, H. General principles of morphological theory. Hermis 2024, 13, 131–167. [CrossRef]
25. Isabelle, P.; Cherry, C.; Foster, G. A challenge set approach to evaluating machine translation. In Proceedings

of the 2017 Conference on Machine Translation Evaluation, Copenhagen, Denmark, September 2017.
26. Kazemi, A.; Toral, A.; Way, A.; et al. Syntax‑ and semantic‑based reordering in hierarchical phrase‑based sta‑

tistical machine translation. Expert Syst. Appl. 2017, 84, 186–199. [CrossRef]
27. Ibn Jini. The Despicable, 1st ed.; Dar Al‑Kutub Al‑Masreya: Cairo, Egypt, 1953. (in Arabic)
28. Mehrabian, A. Silent Message; Wadsworth Publishing Company Inc.: Belmont, CA, USA, 1972.
29. Ding, Q.; Cao, H.; Cao, Z.; et al. Cross‑lingual semantic information fusion for word translation enhancement.

Inf. Fusion 2026, 125, 103492. [CrossRef]
Copyright© 2026 by the author(s). Published by UK Scientific Publishing Limited. This is an open access article
under the Creative Commons Attribution (CC BY) license (https://creativecommons.org/licenses/by/4.0/).

Publisher’s Note: The views, opinions, and information presented in all publications are the sole responsibility of the respective
authors and contributors, and do not necessarily reflect the views of UK Scientific Publishing Limited and/or its editors. UK
Scientific Publishing Limited and/or its editors hereby disclaim any liability for any harm or damage to individuals or property
arising from the implementation of ideas, methods, instructions, or products mentioned in the content.

131

https://doi.org/10.1016/j.ssaho.2023.100666
https://doi.org/10.1016/j.isci.2024.110878
https://doi.org/10.54808/IMCIC2023.01.176
https://doi.org/10.1007/s10590-009-9054-9
https://doi.org/10.17507/jltr.1304.08
https://doi.org/10.1017/nlp.2024.7
https://doi.org/10.31185/wjfh.Vol21.Iss3.1109
https://doi.org/10.30564/fls.v7i9.9736
https://doi.org/10.3991/ijet.v15i11.13275
https://doi.org/10.21608/herms.2024.381261
https://doi.org/10.1016/j.eswa.2017.05.001
https://doi.org/10.1016/j.inffus.2025.103492

	Introduction
	Contribution of the Study
	Literature Review
	The Human-Machine Parity Debate and Cultural Bias
	Morphological Complexity and Representation Gaps
	User Perspectives and Syntactic Challenges
	Research Gab

	Methodology
	Results and Discussion
	Language and Language Culture
	Morphological Values
	Grammatical Values
	Cultural and Contextual Values

	Conclusion

